
A Comparative Demonstration of Relevance Feedback 
Methods for Image Retrieval
Francesca Scotti, Lucia Vadicamo, Giuseppe Amato and Fabio Carrara
Institute of Information Science and Technologies (ISTI), CNR, Italy

Enter initial query Select relevant and non-relevant images from the shown results 

Choose a specific 
relevance feedback 

algorithm, or
 «Compare All»

The process is iterative; the user can select more images or remove 
previous selection and update the results 
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Updates posterior probability 𝑷(𝑻 = 𝒐𝒊 ∣ 𝑯𝒕) based on user feedback after displaying a set of images 𝐷𝑡 ​, using 
the Bayes’ Theorem. 

Adjust the query vector closer to relevant examples, farther from non-relevant ones. 
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− are used to train a linear SVM. The 𝑘 most relevant images shown in the next iteration are the 
farthest (most confident) from the SVM hyperplane on the relevant side.
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𝑠 = 1 − 𝑑, where 𝑑 is computed using SED or MSED 
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The 𝑘 images with highest score 𝜌 are shown in the next iteration. SED and MSED are information distance 
measures. 


